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Introduction 
 
The main concern of this paper is to examine the changes of household from one poverty 

state to another state over a five-year period in rural Bangladesh. The state of poverty is 

not a static phenomenon but it is dynamic as a result of multiple interacting factors that 

operate from intra-households to the global levels. Static measure of poverty is done 

from the observations of income or wealth corresponding to a particular point of time and 

purpose. This type of measurement does not reflect the difference between individuals or 

relative positions of individuals or households with respect to poverty situations over 

time. It has been argued that ‘static’ measures of poverty should be supplemented by 

‘dynamic’ measures of changes over time, which we shall call measures of mobility 

[Shorrocks(1978a)]. Dynamic changes can be measured by using elementary statistics 

such as the correlation coefficient, rank correlation coefficient. The dynamic changes can 

also be measured by using transition matrices and other simple stochastic processes 

[Shorrocks(1978a)].  

 

 The dynamic aspects of poverty have received little systematic attention in Bangladesh. 

Our intention is therefore to examine dynamics of poverty of rural Bangladesh, using 

panel data obtained from repeated sample surveys conducted in 2004 and 2009. In order 

to examine the dynamics of poverty, a random sample of 1,282 households had been 

classified in the baseline survey conducted in 2004. The households were taken from 32 

rural villages (Gram) in 8 districts over all Bangladesh. The panel data that this article 

uses are based on the survey covering the same households conducted for 2009. There 

was an attrition of 70 households in 2009, thus this analysis is based on panel data 

covering 1,212 households over the five year  period of change. 
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For the evaluation of mobility of poverty status we calculate mobility measures based on 

transition between the dynamic poverty category. The dynamic poverty categories are 

chronically poor (whose household income is always below the poverty line for longer 

period of time), descending non-poor (whose household income was above poverty line 10 

years ago but now descended into poverty), ascending poor (whose household income was 

below the poverty line 10 years ago but now escaped the poverty) and non-poor (whose 

household income has been above the poverty line since 10 years ago). Thus, the poverty 

groups are determined on the basis of their economic conditions. The poverty status of a 

household may change to any category over a period of time and thus the status of 

household is dynamic. The over all poverty dynamics is analyzed with the help of a 

method as propounded by Shorrocks(1978b). Other dynamic aspects of poverty are 

analyzed with the help of stochastic process to construct a model to represent the 

transition which takes place in poverty status between 2004 and 2009. An attempt has 

also been made to estimate the limiting behaviour of transition probabilities of poverty 

status over the five-year period. Test of hypothesis is then performed to examine 

whether the observed process is a realization of Markov chain of order one and finally 

the extent of mobility that occurred among the dynamic poverty groups including non-

poor households is measured. 
 

1. Methods of Mobility Measurement 

 

There are several measures of mobility found in the literature. But it is convenient to 

have a scalar measure of mobility, which is useful for us both to compare different 

society and to see changes in mobility within the same society. Descriptive and scalar 

measures of mobility have been propounded by Matras(1960) for empirical work, which 

was discussed elaborately by Boudon (1973) and its review is contained in Bibby (1975). 

Shorrocks(1978b) also developed an useful mobility index based on transition matrix, 

whose brief description is given in this section. 
 

1.1 The Shorrocks Mobility Index (SMI) 

The information regarding mobility of households from one poverty status to another can 

be summarized into a mobility index as propounded by Shorrocks(1978b). The Shorrocks 

Mobility Index (SMI) for a transition matrix P is given by 
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−
= P

 

 

where n is the number of poverty categories and the index is related to the mean exit 

time from status i, which is 1/(1 - pii). 

 

The index is scaled by n/(n-1) in order to have a normalized value between 0 and 1 [Nega 

et.al.(2010)]. An SMI value close to zero indicates immobility, while the closer to one the 

higher the mobility [Shorrocks(1978a)]. 
 

1.2 Markov Chain Model 

The methodology used in this study is designed to explain inter-temporal transformation 

of poverty status from 2004 to 2009 by Markov chain model. Because of natural disasters, 

household level shocks, economic crisis, climatic variability, price hike of essential 

commodities, the movement of a household from one poverty status to another does not 

have regularity, and it is influenced by multidirectional factors. The future status of a 

household in terms of poverty cannot, therefore, be predicted with certainty but it can 

only be done in a probabilistic framework. In the absence of several panel or two or more 

generation data on poverty status, we have, in particular, used the first-order Markov 

chain model which assumes that current outcome depends only on the previous state and 

not on those of the further past. Important advantages of using the Markov chain model 

in the present case is that uncertainty in prediction can be accommodated by probability 

distribution in a model and it provides stochastic behaviour of the system. 

 

Let XT be the random variable which represents the state at time T and under the 

assumption that there are finite number of states, the sequence {XT} is called a chain. 

The functional form of transition probability of Markov chain {XT, T>0} of order one may 

be defined as: 

 Prob (XT = j/XT-1=i) = Pij. (1) 

 

The transition probabilities can easily be written in matrix notation by P = [Pij] whose 

elements satisfy the following conditions 

 Pij > 0, for all i, j, (2) 

and ∑
j

ijP = 1 for all i.       (3) 
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For our present purpose, the Markov chain {XT} is defined in terms of poverty status of a 

household under the assumption that the poverty status of a household in 2009 (second 

round survey period) depends on the poverty status of household in 2004 (the first round 

survey period). In other words, inter-temporal transition of poverty status from 2004 to 

2009 constitutes a first-order Markov chain. 

 

Let us consider a Markov chain with state space S {S=1, 2, 3, 4} representing chronically 

poor (CP), descending non-poor (DNP), ascending poor (AP), and non-poor (NP). The 

category boundaries of poverty status (CP, DPN, AP and NP) have been explained in 

details in Rahman, Matsui & Ikemoto(2009). The choice of these categories is made 

keeping in conformity with other studies and nationally accepted classified groups.  

 
2. Limiting Behaviour of Transition Probabilities 

 

It is interesting to investigate the limiting behaviour of the probabilities ( (T)
iP ) and 

{ (T)
ijP } as T tends to infinity. In the general theory of Markov chain that the limiting 

behaviour depends on the structure of the transition probability matrix P, provided that 

this matrix P is regular. Satisfying this condition it may be possible to show the 

probabilities all approach to limits as T tends to infinity [Bartholomew, (1978)]. 

 

The limiting behaviour of transition probabilities have been examined as suggested by 

Feller(1965). Using Chapman-Kolmogorov equation we can have by recursive relation as 

 

 T1TT PPPP == −  (4) 

If T is large, PT is equivalent to 

 Lim
T →

⎥
⎥
⎥
⎥

⎦

⎤

⎢
⎢
⎢
⎢

⎣

⎡

==∞

v
v
v
v

VTP  (5) 

where v = (v1, v2, v3, v4) with 0<vi <1 and ∑
−

=
S

1j
j 1v . 
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Then the probability vector v = (v1, v2, v3, v4) satisfies the relation VP = V, which gives 

the desired limiting distribution of the process. In other words as T→∝, P(T) tends to a 

limit vj independent of the initial state i. This is also called predicted equilibrium. 
 

3. Limiting Behaviour of Transition Probability Matrix P 

 

The limiting behaviour of P matrix (Table 2) has been examined by using Kolmogorov 

equation and we can have it by recursive relation (4). For the present context, the 

limiting behaviour of transition probability matrix is estimated and shown in Table 1. 

 
Table 1  Limiting Behaviour of Transition Probability Matrix  
 

T pT

2 

0.3025 
0.1508 
0.0715 
0.0199 

0.1084
0.1780 
0.1798 
0.0953 

0.4487
0.4001 
0.3764 
0.0488 

0.1404
0.2715 
0.3724 
0.8360 

   

4 

0.0672 
0.0625 
0.0623 
0.0678 

0.1211
0.1210 
0.1209 
0.1206 

0.1747
0.1740 
0.1735 
0.1718 

0.6415
0.6426 
0.6433 
0.6459 

   

6 

0.0620 
0.0620 
0.0620 
0.0620 

0.1207
01207 
0.1207 
0.1207 

0.1725
0.1725 
0.1725 
0.1725 

0.6448
0.6448 
0.6448 
0.6448 

 

Table 1 reveals that the limiting value is 
nPLim

αn→ equivalent to  P
6 , which implies that the 

Markov chain will occupy any state which is independent of the initial state and the 

social structure with respect to poverty status will be stable after 30 years from 2004. 

For n=6 or more, no further change in transition probability is observed. It also indicates 

that the probability of chronically poor to remain in the same state is reduced to 0.0620 

from 0.6547 in 2009. Similar interpretation may be given for other poverty status and 

probability of changes from one state to another will be same after 30 years if the 

present development processes continue. 
 

4. Mean Duration of Stay in a Particular Poverty Status 

 

The mean duration of stay in a particular poverty category by a continuing household 

and the mobility of each poverty category is measured by the following methods. 
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Let mi denote the number of years required upto and including for moving from ith state 

to another state. Again, let mi = T, if the first (T-1) periods result in immobility and at 

the T-th period yield first mobility. Then mi follows a geometric distribution and the 

mean of this distribution measures the mean time of stay in a state i which may be 

estimated by 

 

 μi = E (mi) = 1/(1-Pii), (6) 

 

where Pij is the probability that a household will remain in state i for one period to the 

next period. If μi is compared with similar measure for an ideal society, we can have a 

measure of social mobility. Prais(1955), however, considered perfectly mobile society as 

one whose transition probability matrix is obtained by the limiting distribution of the 

Markov chain. Then the standardized mean for the ith state is 

 ( ) ( ) 43,2,1,i,P1/v1μ iii
S
i =−−= , (7) 

where vi is obtained for the Markov chain whose transition probability matrix is shown 

in (5).  An interesting interpretation of S
iμ is that in a mobile society its value is small 

and in an immobile society its value is large [Bartholomew(1978)]. 
 

5. Test of Hypothesis 

 

The test of hypothesis is then performed to examine whether the observed process is a 

realization of Markov chain of order-one and we formulate the null hypothesis and 

alternative hypothesis as: 

 

 HO: P=PO and 

 HA: P≠PO (8) 

 

For null hypothesis Pij = 0
ijP  two test statistics can be used as suggested by Anderson 

and Goodman (1957) concerning Markov chain. The first test statistic to be used as  

 
( )

∑∑
= =

−
=

S

1i

S

1j
0
ij

20
ijij

i
2

P

PP
.nχ
ˆ

 (9) 
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which under H0 has chi-square distribution with S(S-1)-d degrees of freedom, where d is 

the number of zero in 0
ijP . The second test-statistic to use is 

 ∑∑
= =

=∧−
S

1i

S

1j
0
iji

ij
ij

Pn

n
Inn22In , (10) 

where ∧ is the likelihood ratio which is also χ2 with S(S-1) degrees of freedom under H0 

[Bhat (2008)]. 

 
6. The Transition Count Matrix by Poverty Status 

 

Based on the theoretical framework above, we analyse the degree of mobility among the 

households of different poverty categories using panel data sets collected on an interview 

basis in 2004 and 2009. 

 

The mobility of households between dynamic poverty categories [chronically poor (CP), 

descending non-poor (DNP), ascending poor (AC) and non-poor (NP)] using transition 

count matrix is shown in Table 2. 
 
 
Table 2  Transition Count Matrix for Four Dynamic Poverty Categories Between 2004-2009 
 

2009 
 
2004 

Chronically 
Poor (CP) 

Descending 
Non-Poor 
(DNP)

Ascending 
Poor (AP) 

Non-Poor 
(NP) 

Marginal 
Total 

Chronically 
Poor (CP) 

311 00 164 00 475

Descending 
Non-Poor 
(DNP) 

32 84 76 20 212

Ascending 
Poor (AP) 

04 39 134 39 216

Non-Poor 
(NP) 

00 20 00 289 309

Marginal 
Total 

347 143 374 348 1212

 

By comparing marginal totals of row and column, it reveals that there is a distinct 

process and pattern of mobility among the categories of poverty status. Almost one third 

of all households (394) moved their poverty status from 2004 to 2009, of which 25 percent 

(households above the diagonal) experienced upward mobility and 8 percent (households 

beneath the diagonal) suffered downward mobility. None of the chronically poor 

households could move to non-poor and descending non-poor categories, but 164 (34.5%) 

of the chronically poor households moved to ascending poor category. This means that 
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those 164 chronically poor households could manage three meals a day for all their 

family members but could not bear educational expenses for their children and health 

care expenses for their family members during the last five years. But these households 

could not manage three meals for their family members 5 years ago. 32 households 

(15.1%) of the descending non-poor and 4 households (1.9%) of the ascending poor 

households fell into chronically poor category over the 5 year period. It indicates that the 

economic conditions of these households have deteriorated over the same period and 

failed to manage three meals for their family members not to speak of educational and 

health care expenses. On the other hand, none of the non-poor households slided down to 

chronically poor and ascending poor category, but 20 (6%) of non-poor households 

descended to descending non-poor category. It is interesting to note that 66 percent of 

the chronically poor, 40 percent of the descending non-poor, 63 percent of the ascending 

poor and 94 percent of the non-poor households stayed in the same category between 

2004 and 2009. The non-poor households are a highly immobile group as their incomes 

are concentrated at the top of the distribution. The chronically poor group ranks second 

in terms of high immobility although the income of this group is concentrated at the 

bottom of the distribution. On the other hand, the highest mobility (60%) is observed in 

descending non-poor followed by ascending poor households.  
 

7. Transition Probabilities and Markov Matrices 

 

Changes in poverty status between 2004 and 2009 are indicated by the conditional 

probabilities that a household in 2009 will be a chronically poor (CP), descending non-

poor (DNP), ascending poor (AP) and non-poor (NP) given that the household was a (CP), 

(DNP), (AP) and (NP) in 2004. The conditional probabilities are shown in Table 3. 
 
Table 3  Conditional Probabilities for Four Dynamic Poverty Categories 
 

Status in 2004 Status in 2009  
CP DNP AP NP  

CP 0.6547 0.0000 0.3453 0.0000  
DNP 0.1509 0.3962 0.3585 0.0943 (11)

AP 0.0185 0.1806 0.6204 0.1806  
NP 0.0000 0.0647 0.0000 0.9353  

 

The transition between poverty categories of a household over a five-year period may be 

regarded as transitions of a Markov chain with above transition probabilities. 

Probability of a chronically poor household to be non-poor between 2004 and 2009 is 
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found to be zero. Probability of a non-poor household to become chronically poor and 

ascending poor over the same period is also zero. The transitional probability matrix 

from Table 2 may be denoted by P = [Pij].  Clearly P is a square matrix with non-negative 

elements 
 

 

  

P =

0 .6 5 4 7 0 .0 0 0 0 0 .3 4 5 3 0 .0 0 0 0

0 .1 5 0 9 0 .3 9 6 2 0 .3 5 8 5 0 .0 9 4 3

0 .0 1 8 5 0 .1 8 0 6 0 .6 2 0 4 0 .1 8 0 6

0 .0 0 0 0 0 .0 6 4 7 0 .0 0 0 0 0 .9 3 5 3

⎡ 

⎣ 

⎢ 
⎢ 
⎢ 
⎢ 

⎤ 

⎦ 

⎥ 
⎥ 
⎥ 
⎥ 
 (12) 

 

The main diagonal elements of P indicate the probability that a household will remain in 

the same state of poverty between 2004 and 2009. For instance, given that a household 

was chronically poor in 2004, after five years (2009), the probability of that household 

will be chronically poor is 0.6547. After 10 years this probability is reduced to 0.3025 and 

after 20 years it is further reduced to 0.0672. It is also observed that after 30 years the 

probability of mobility from one category to other becomes stable and achieved 

equilibrium conditions as shown in Table 1. 
 

8. Empirical Results and Discussion 

 

8.1. Estimated Value of Shorrocks Mobility Index (SMI) 

The value of Shorrocks Mobility Index (SMI) computed from transition matrix P is 

SMI(P) = 0.3468. 

This result shows that according to SMI the degree of mobility from one poverty status to 

another status between 2004 and 2009 is low in rural Bangladesh. This means progress 

and process of economic development failed to improve the poverty situation significantly 

in rural Bangladesh. Still, millions of poor people who fight loosing battles to move out of 

poverty remain in poverty in the end. The drawbacks of this index is that it does not give 

indication of the direction of mobility but it indicates the extent of mobility over the 

period and it is related to the mean exit time from state i, which is 1/(1 - Pii) [Hofer and 

Weber(2001)]. 
 

8.2 Actual and Predicted Equilibrium Distribution 

In order to examine the nature of distributional pattern of households over the period, 

the actual and predicted equilibrium distribution of households by poverty status is 

computed and shown in Table 4. 
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Table 4  Actual and Equilibrium Distributions of Poverty Status 
 
Poverty Status Actual Distribution Predicted 

equilibrium 
distribution 

2004 2009

Chronically Poor (CP) 0.3919 0.2863 0.0620 

Descending Non-Poor (DNP) 0.1749 0.1180 0.1207 

Ascending Poor (AP) 0.1782 0.3086 0.1725 

Non-Poor (NP) 0.2550 0.2863 0.6448 
 

The first two columns of Table 4 indicate the structure of households classified by 

poverty status between two periods (2004-2009). If the society  would reach equilibrium 

condition we would expect these distributions to be the same. We would also expect them 

both to agree with the equilibrium distribution obtained from (4). The difference in 

distributional pattern of household between 2004 and 2009 and the predicted 

equilibrium distribution is quite high and it indicates a clear shift among the categories 

of households. This large gap implies the lack of prevalence of equilibrium state in terms 

of poverty status of households in rural society. It also indicates the lack of adequacy in 

Markov chain model [Bartholomew(1981)] to some extent. 

 

The average period (μi) spent by a continuing household in poverty category i or the 

mean exit time from state i, which is calculated by  (i - Pii)-1. The standardized value of μi 

is estimated by ( ) ( )iii
S
i P1/v1μ −−=  and presented in Table 5 

 

Table 5  The Expected Stay and Measures of Mobility of Each Category of Poverty Status  
 
Household Category μi= ( ) 1

iiP1 −−  ( ) 1
iV1 −−  ( ) ( )iii

S
i P1/V1μ −−=

 
Chronically Poor (CP) 2.8960 1.0661 2.7168 

Descending Non-Poor (DNP) 1.6562 1.1373 1.4563 

Ascending Poor (AP) 2.6666 1.2085 2.2067 

Non-Poor (NP) 15.4560 2.8153 5.4899 

The higher value of departure of Sμ from unity indicates a high degree of immobility, 

while zero departure implies a high degree of mobility from one category to another 

[Bartholomew(1978)]. The mean exit time for non-poor household is the highest (15.46) 

which is followed by the chronically poor household (2.89). The value of Sμ  for non-poor 
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category of households is the highest (5.49) indicating least chance of downward mobility. 

The value of Sμ for chronically poor category is the second highest (2.72) implying that 

this category of household has also less chances of upward mobility. The descending non-

poor and ascending poor households have relatively higher chances of mobility as 

indicated by the value of Sμ  and these two categories of households show mobility in 

both directions. These findings may be substantiated by the results obtained in Table 6 
 

Table 6  Mobility of Households of Different Categories in between 2004 and 2009 
 
Household Category Stayed  in the 

same category 
of 2004 

Upward mobility 
(%) 

Downward 
mobility (%) 

Chronically Poor (CP) 65.5 34.5 - 

Descending Non-Poor (DNP) 39.6 45.3 15.1 

Ascending Poor (AP) 62.5 17.6 19.9 

Non-Poor (NP) 93.5 - 6.5 
 

It reveals from Table 6 that almost two third of the chronically poor and 94 percent of 

the non-poor categories of households remain in the same category over a five-year 

period and 35 percent of the chronically poor moved to ascending poor category only. It is 

interesting to note that 20 or 6 percent of the non-poor households showed downward 

mobility and slipped into descending non-poor category. Mobility of descending non-poor 

household is very high, which is followed by ascending poor households and between 

2004 and 2009, only 40 percent of the descending non-poor households could stay in the 

same category. This figure for ascending poor category of household was 63 percent. It is 

also observed from Table 2 that only few household (8% from DNP and 18% from AP) 

from transient poor have moved up and escaped poverty over the five years. But large 

proportions of mobility have occurred between CP and AP and between the two 

transition poverty groups DNP and AP. During the same period, large number of 

households has experienced downward mobility. 
 

9. Statistical Inference Regarding Equality of Transition Matrices 

 

We have the transition counts for a four state Markov Chain which is shown in Table 2 

and the transition probability is shown in Table 3. Then we can employ two test 

statistics (9) and (10) for testing the null hypothesis 0
ijij0 P  P :H = ,    (i=1,2, ...,4 and 
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j=1,2, ...,4), where 
i

ij
ij n

n
  P =ˆ and 0

ijP  is assumed to be 0.25, the transition from one state to 

another state i.e. transition is fixed (25%) in each state in the population from where 

sample households have been drawn.  Thus, the transition probability matrix 0P in the 

population is as follows: 

 

⎥
⎥
⎥
⎥

⎦

⎤

⎢
⎢
⎢
⎢

⎣

⎡

=

0.250.250.250.25
0.250.250.250.25
0.250.250.250.25
0.250.250.250.25

  P0  

The estimated value of test statistics (9) and (10) for testing equality of transition 

matrices is presented in Table 7. 
 

Table 7  Estimated Value of Test Statistics 

Test Statistics Value Degrees of 
freedom (DF) 

P-value 

Chi-square test 110.48 12 0.000 
 

Table 7 indicates that the Chi-square value of 110.48 with 12 degrees of freedom is 

highly significant (p-value <0.001). We, therefore, reject our null hypothesis HO : 
O
ijij PP =  and we may conclude that the observed sample process has not come from a 

Markov Chain Process of order one whose transition probability matrix is 0P . This 

finding further points to the fact that the observed process is not a realization of the 

process with 0.25 transition probability in each state of poverty status. 
 

10. Reasons for Mobility 

 

  Why did some households show upward mobility, while some others show downward 

mobility? Why did some others stay in the same state of poverty? To answer all these 

critical questions we need in-depth investigations on the events that drives transitions of 

a household from one poverty state to another. 

 

  But in the current complex structure of rural society, it is difficult to single out the 

actual cause of mobility in poverty status for the period 2004 to 2009. There is no regular 

pattern and linear trend in mobility from one state to another. It depends upon many 

complex effects and different sets of reasons are associated simultaneously with upward 
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mobility and downward mobility. However, attempt has been made to identify main 

reasons for mobility in poverty status. We will first discuss the reasons associated with 

upward mobility, followed by a discussion of reasons for downward mobility over the 

period 2004-2009. 
 

10.1 Reasons for Upward Mobility 

There is no single reason for escape from or descent into poverty. Ascent of or descent 

into poverty occur gradually and cumulative fashion, and not from one year to the next. 

However, multiple linked factors are associated with upward and downward mobility. 

When the heads of the households who experienced upward mobility were asked to state 

the reasons behind upward mobility, they stated several reasons. Table 8 shows the 

major reasons associated with upward mobility as described by the heads of sample 

households that experienced upward mobility: 
 

Work Opportunity 

Opportunity for work has been the most important pathway for upward mobility (Table 

8). Work opportunity in farm and non-farm activities has increased to a great extent. 

Rural-based enterprises (such as road side stand, tea stall), petty trading (such as selling 

of vegetables, cereals and pulses) and livestock trade provide opportunities to work to a 

large number of people. Getting work opportunity in those informal sector enterprises 

was mentioned as an important reasons for upward mobility by a significant number of 

households (41 percent of all observed ascending households). Due to enhanced work 

opportunities people can work hard and through hard work about 7 percent of all 

observed ascending households could improve their economic conditions. 
 

Diversification of Income Sources 

Income diversification has been the second important reason for upward mobility in 

descending order. A vast majority of households (37 percent) moved upward over the last 

5 years through business progress, obtaining job, most often in the informal sector, and 

remittance from abroad. There are several path ways involved in diversification. First 

involvement is in agriculture. Second is engagement in informal business in the locality 

and petty trading of local products. Third is seasonal migration to cities for better source 

of income and employment. Thus income from diversified sources is the major reasons 

associated with upward mobility as described by the households that experienced 

upward mobility. About 13 percent households have improved their economic conditions 



− 80 − − 81 −  14

through gain in business. Livestock rearing is another source of income and through this 

source one percent of all ascending households experienced upward mobility. 
 

Crop Diversification and Crop-Related Factors 

Crop diversification is another aspect of increasing income of farmers in rural areas. 

Crop diversification through introduction of modern technology, introduction of HYVs of 

crops, increasing use of fertilizer and irrigation has progressed and the cropping 

intensity has increased to a great extent. Eighteen percent of the households that 

experienced upward mobility over the last 5 years did so through crop diversification 

(including vegetables, beans, potatoes, tomatoes, banana, wheat, maize). About 3 percent 

households could improve their economic condition through cultivation of crops in leased 

land. Increasing land under crop cultivation and diversification through improved 

management practices is also an important poverty reduction strategy. 
 

Social Factors 

Inherited property, few dependents, help from friends, relatives and NGOs are 

important factors for improving economic conditions and about 8 percent of all 

households who showed upward mobility could improve their economic conditions 

through these factors. 
 

10.2  Reasons for Downward Mobility 

 

Like upward mobility, there is no single reason for downward mobility and multiple 

linked factors propel most descents. In descending order of frequency, health care related 

expenses, death of main income earner, demographic factors such as household size, high 

dependency ratio, natural disasters, social factors such as dowry and land division were 

the main reasons for downward mobility. However, when the heads of households who 

experienced downward mobility were asked to identify the reasons for downward 

mobility, they stated the following reasons shown in Table 9. 
 

Low Income with High Family Expenditure 

Low household income is overwhelmingly the single most important reason for 

downward mobility of households (Table 9). Abnormal price like of essential food 

commodities has increased the consumption expenditure of households. Compare to price 
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hike, the household income has not been increased. As a result, it caused a gap between 

household income and expenditure. 
 

High Cost for Treatment 

High health care expenses is the second most important reason for downward mobility of 

household. Economic condition of about 24 percent households has deteriorated over the 

last 5 years due to high cost for treatment of family members. Expenses were associated 

with hospitalization, long illness and regular or particularly high use of medication. 

Increase in poverty, due to health problems and their related human and financial costs, 

have become serious concern in rural Bangladesh. 
 

Death of Main Income Earner 

Death of a principal income earner was also one of important factors described as 

causing 4 percent of households’ downward mobility. Absence of main earner and 

presence of dependents in the households helped to explain why some households 

experienced downward mobility. 
 

Economic Related to Demographic Factors 

Increase of family size without corresponding increase of earning members has 

deteriorated the economic conditions of some of the sample households. Large family size 

and high dependency ratios have risen family expenditure compared to income. Having 

large number of dependents, strains households’ limited resources, and has become an 

important reasons for downward mobility. Excess family expenditure due to soaring 

price of essential commodities has pushed some of the households to downward mobility. 

This is mentioned by 32 percent of all observed descending households. 
 

Natural Disasters 

Crop failure due to natural disasters resulted in reducing household income. Thus, 

natural disasters such as flood, cyclone, drought are recurrent factors in the rural areas 

and they are contributing to downward mobility. This factor was cited by 15 percent of 

total households who experienced downward mobility among all observed descent 

households. Reduction and losses of crop production, due to natural disasters has also 

drive rural farm mobility as mentioned by about 2 percent of all observed descending 

households. 
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Social Factors 

Distress sale of property because of gambling, split of family into two or more and 

consequently subdivision of land, loss of money for going abroad, dowry expenses for 

daughter’s marriage, expenses for litigation, uneconomic expenditure by unruly sons and 

other family members are the major social factors that associated with 45 percent of all 

descending households observed in our sample households. 
 

Table 8  Major Reasons for Upward Mobility between 2004 and 2009 

(Percent of households*) 
Major reasons for upward mobility Percent of cases 

(n=298) 
1. Increase of work opportunity 40.6 
2. Increase of income from diversified sources 36.6 
3. Crop diversification 18.1 
4. Progress in business 12.9 
5. Worked harder 6.9 
6. Few dependents 3.4 
7. Bought and inherited property 3.4 
8. Cultivation of leased in land 2.6 
9. Livestock rearing 0.9 
10. Loan from NGOs 0.9 
11. Help from friends and relatives 0.4 
*These numbers do not add up to 100 percent because more than one reason could be given 
 

Table 9  Major Reasons for Downward Mobility between 2004 and 2009 

(Percent of households*) 
Major reasons for downward mobility Percent of cases 

(n=95) 
1. Low income but high expenditure 48.6 
2. High treatment cost 35.2 
3. Loss of crops by Natural disasters 14.9 
4. Loss of money for employment abroad 11.1 
5. Distress sale of land for gambling 11.2 
6. High litigation cost 11.1 
7. Dowry expenses for daughter’s marriage 5.6 
8. Death of main income earner 5.6 
9. Uneconomic expenditure by unruly sons 3.7 
10. Split of family 3.7 
*These numbers do not add up to 100 percent because more than one reason  could be given 
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